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@ Finitely Many States, Finitely Many Actions for each Player
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1973, John Maynard Smith and George Price

Evolutionary Games
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@ Population of Different Types Playing against Itself.
@ Population Distribution p = (p1, p2, .- ., Pn)-

@ Type k has Fitness exAp in Population p.

@ Concept of Evolutionary Stable Strategies (ESS).
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The ESS Concept

Evolutionary Games
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Pi aj, by with by = a;

ESS: Population Distribution p = (p1, p2, . . ., Pn) With

@ pAp > gAp Vq
@ If g # p and gAp = pAp, then pAq > qAq
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The Replicator Dynamic by Taylor and Jonker, 1978
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Population Development by the Replicator Equation:
@ Pk = Pk (exAp — PAP)
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@ Symmetric Payoffs: b; = a;
@ Symmetric Transitions: p(s,i,j) = p(s,j, i)

@ Unichain Stochastic Game
One Ergodic Set for Any Pair of Stationary Strategies
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About this Model
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Other ‘Evolutionary’ Work in Maastricht

Studying sex choice ovipositioning behavior of parasitoid wasps

egq inside fly pupa

larva (3 instars)
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Thanks

Thank you for your attention!
Any comment is welcome!

This presentation will be available at
www.personeel.unimaas.nl/F-Thuijsman
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